540 B3 3 =B 5 Vol.40, No.3
Information and Control Jun., 2011

2011 & 6 f]

DOI: 10.3724/SP.J.1219.2011.00289

ETFEESEMEMEIRREXR IR
HEW, £ &

(R TR SRR SHOR 2R, V105 BIST 210094)

e
propagation) . ZHIAANNAEHELRFR . MEIARMEE, M AREBREENFEHL LSRR NGER. RAML
BRI BR AR EFREEGR A, KEBI LRI R R B BAR KM — A B 0, SRIB R BRI E a2k R,
K LSRR RFEAT LR S RIHESASE, 1T B2 K% 3 5 o] LURTS — MR M B B 4 .

KERIF: MCRB: EIES3, KEBHRER, &ihinisis

FESEES: TP118 XikkRiREE: A XEHE: 1002-0411(2011)-03-0289-07

Relevance Feedback Algorithm Based on Semi-supervised Linear
Neighborhood Propagation

HUANG Chuanbo , JIN Zhong
(College of Computer Science & Technology, Nanjing University of Science and Technology, Nanjing 210094, China)

Abstract: A feedback semi-supervised linear neighborhood propagation method (FSLNP) is proposed. FSLNP method
can not only preserve the positive and negative constraints but also preserve the local and global relevance structure infor-
mation of the whole graph. With both labeled and unlabeled images in relevance feedbacks, a better structure for relevance
representation among images is found to reveal the semantic structure. Experimental results show that FSLNP can effectively

improve retrieval accuracy, and after long term learning, an optimal relevance graph space can be obtained.
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4 2547 (Experiment and analysis)
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