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FACIAL GEOMETRIC BEAUTY SCORE BASED ON SEMI-SUPERVISED
REGRESSION LEARNING

Dai Liqing Jin Zhong Sun Mingming
( School of Computer Science and Technology Nanjing University of Science and Technology Nanjing 210094 Jiangsu China)

Abstract Based on rapid development of facial aesthetics we mainly study the definition of facial geometric feature the normalisation of
geometric features and the contribution of geometric features to judging whether the face is beauty or not. First we define the facial geometric
beauty score function and then combine the manifold learning with semi-supervised learning use semi-supervised regression on manifolds to
learn geometric beauty score of faces. In order to highlight the geometric features we also verify the relationship between facial expression and
geometric beauty scores. Compared with KNN  SVM and C4.5 decision tree classification methods the validity and the feasibility of the

proposed methods are proved by experiment.

Keywords Facial aesthetics Facial geometric feature ~Geometric beauty score Manifold learning Semi-supervised regression
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